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Background and aim

Computational models can be used In dialysis divisions to predict the patient’'s response to the treatment in terms of main
electrolytes’, breakdown products’, and body fluids volumes’ intradialytic trends. The potential of a model based on a patient's
characteristics In terms of treatment customization Is shown here, particularly for elderly ESRD patients characterized by
multiple comorbidities [1]. A patient-specific model has been optimized over the course of InterACTIVE-HD 2.0
project involving several patients In treatment In ltalian and Swiss centers [2].

InterACTIVE-HD 2.0 data were acquired In accordance with the guidelines of ethics oatoce | Fivid and pressure

committees, for 3 consecutive phases Iin Lugano and Como centers, and for 2 phases for
Chur, Sondrio, and Varese, enrolling a total of 145 patients. The acquisition included clinical
records, BIA, machine and laboratory data (for the latter, see the table below).
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Discussion and conclusions

InterACTIVE-HD 2.0 ID nRMSEs' dispersion can be attributed to a high dialysis vintage subset of | [l Neal, 2009, Brief Bioinform
2] Balsamello, 2023, Artif. Org.

patients, Iitself characterized by greater variability; for urea specifically, a larger error Is expected | 3] pietribiasi, 2018, PLoS ONE
given that it undergoes sudden intradialytic variation: however, at 5 months from training, PRED
Ccontacts

NRMSE,, equal to 16.61% Is lower to what stated In literature [3]. In conclusion, the model shows
good performances. A reevaluation of the patients every 2 or 5 months could help Increasing | Eng. Giustina Casagrande, PhD:
medium to long-term predictive accuracy. A further predictive optimization can be done training the g'ﬁgf'gﬁg‘ssgg;ﬂg%f’o"m"'t’
model by using also a second session after the weekend. carlo.balsamello@polimi.it
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